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Abstract

Argentina and the US were the principal destinations for Italian immigrants during the
Age of Mass Migration. I assemble data following Italians from passenger lists to censuses
in Argentina and the US, enabling me to compare the economic outcomes of migrants with
similar pre-migration characteristics but who moved to different countries. Italians assimilated
faster in Argentina, and this advantage was unlikely to be due to selection. A higher human
capital relative to natives and the Italian-Spanish similarity largely explain Italians’ advantage in
Argentina. These findings highlight the importance of the fit between migrants’ characteristics

and those of the receiving country.
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The extent to which immigrants successfully integrate into the societies that host them varies
widely across receiving countries. For instance, the average immigrant in the US has lower earnings
upon arrival than in Australia or Canada but experiences faster earnings growth as she spends time
in the destination (Antecol et al., 2006). These contrasting experiences may be due to differences
in the selection of migrants who move to different destinations, or to differences in how similar
migrants fit socially and economically into different countries.

To understand the source of these differences, one would like to observe the integration experi-
ence of immigrants with similar pre-migration characteristics but who moved to different destina-
tions. A challenge in doing so, however, is that the conventional sources used to study immigrant
assimilation rarely include information on the background characteristics of immigrants beyond
their country of origin and year of arrival. Moreover, some of the characteristics included in these
sources (such as schooling) are potentially affected by the migration experience itself.

This paper studies the selection and assimilation of Italian migrants to Argentina and the US
during the Age of Mass Migration (1850-1913). Nearly seven million Italians moved to Argentina or
the US during this period: By the 1920s, Italians accounted for 40% of the immigrant population in
Argentina and for 10% of the immigrant population in the US.! Much like some immigrants today,
Italians were perceived by sectors of US society as being unlikely to assimilate.” Indeed, concerns
about “new immigrants” from Southern and Eastern Europe (among which Italians were the largest
group) were a main driver of the imposition of country-of-origin quotas in the 1920s (Goldin, 1994).
In contrast, by most historical accounts, Italians had a rapid and successful integration in Argentina
(Klein, 1983; Baily, 1983, 2004).

Beyond its intrinsic importance as a major migration episode in world history, a key advantage
of this setting is the possibility to observe detailed information on migrants’ backgrounds and their
outcomes at different host countries. Specifically, I have assembled individual-level data following
Italian migrants from passenger lists to population censuses. In these data, I observe the arrival
years, ports of origin and pre-migration occupations of a sample of Italians who resided in Argentina
or the US by the late 19th century. These data enable me to assess —to a far greater extent than

with conventional sources— the degree to which heterogeneity in immigrant outcomes across different

Immigrants constituted 25% of the Argentine and 14% of the US populations by the early 1920s.
2See for instance LaGumina (1999).



host countries can be explained by differences in selection.

I start by using the passenger-list data to compare the characteristics of Italians who moved
to Argentina or the US. The main difference between both groups was the higher proportion of
immigrants departing from northern Italian ports among arrivals to Argentina. In contrast, demo-
graphic characteristics and pre-migration occupations had only a weak association with destination
choices: Italians who moved to Argentina or the US were similar with respect to their age and
gender, and were employed in similar (predominantly unskilled) occupations prior to migrating.
This pattern suggests that Italians’ destination choices were mostly driven by the strength of the
networks connecting them to each destination (rather than by characteristics related to their own
human capital).

My main analysis compares the economic outcomes of Italians in Argentina and the US. Italians
in late-19th-century Argentina were 5.7 percentage points more likely to own their home and 25
percentage points less likely to hold an unskilled job than Italians in late-19th-century US. When
comparing Italians who departed from the same port, these gaps are reduced by 30% and 10%,
respectively. This reduction reflects the better average outcomes of Italians who departed from
northern ports (who were overrepresented in the flow to Argentina). However, other individual-
level characteristics such as pre-migration occupation or literacy explain very little of the gap in
outcomes. The stability of the estimates after the inclusion of these characteristics suggests a
limited scope for remaining selection bias (Altonji et al., 2005; Oster, 2017).

What explains the differences in outcomes? I find evidence supporting two main explanations.
First, despite Italian immigrants in Argentina and the US had similar levels of human capital,
those in Argentina benefited from a higher level of human capital relative to the native-born: When
focusing on relative gaps between Italians and the native-born in each destination country, sim-
ply controlling for literacy substantially reduces the advantage of Italians in Argentina. Second,
the smaller linguistic distance between Italian and Spanish enabled those Italians who moved to
Argentina to enter a broader range of occupations. Indeed, Italians in Argentina had a signif-
icantly smaller advantage when compared to Italians in the US who reported speaking English.
Taken together, these two explanations account for 60% of the Argentina-US gap in Italians’ home-
ownership rates, and for 40% of the gap in the likelihood of holding an unskilled job. Overall, these

results highlight the importance of the match between immigrant characteristics and those of the



destination country.

This paper contributes to our understanding of immigrant assimilation during the Age of Mass
Migration. While several papers have focused on specific receiving countries, no quantitative studies
have looked at the comparative performance of immigrants across destinations.? Italian migration
to Argentina and the US is an especially relevant case, as it deals with the main sending country
and the two largest destinations in this period.

More broadly, this paper contributes to the literature comparing the economic performance of
migrants across different receiving countries.* Specifically, by accounting for a much richer set of
pre-migration characteristics than in existing studies, I am able to shed light on the relative roles of
selection and host-country conditions in explaining cross-country differences in immigrant outcomes.
Finally, this paper also relates to the literature on “place effects” (see, for instance, Chetty et al.
(2016) and Chetty and Hendren (2018)). Unlike most of such literature, my analysis focuses on the
consequences of exposure to different countries (rather than to different neighbourhoods), and on

exposure during adulthood rather than childhood.

1 Data

I use two sources of individual-level data: passenger lists of immigrant arrivals and population
censuses. The passenger lists include the name, age, sex, literacy, occupation, arrival date and
port of origin of Italian migrants to Argentina or the US.” The Argentine lists span 1882 to 1920
and include 1,020,000 Italians who arrived through the port of Buenos Aires. These data were
collected by Argentina’s National Direction of Immigration and have been digitalised by Centro de
Estudios Migratorios Latinoamericanos and Fondazione Rodolfo Agnelli. The US passenger lists
are based on US Customs Service records and are available from the National Archives. They
include 845,000 passengers who arrived between 1855 and 1900 and who identified their origin as
Italy (or an Italian region).

I used the information on names, country of birth and age to link males in these lists to

3See for instance Abramitzky et al. (2014) and Ferrie (1994, 1997) on the US, and Pérez (2017) on Argentina.

“See Borjas (1991), Duleep and Regets (1992), Antecol et al. (2006), Algan et al. (2010), Bauer et al. (2011) and
Kaushal et al. (2016).

5Other than port of origin, the Argentine data lack any systematic information on regional origins.

51 discuss the coverage of these data in Online Appendix section A.1.



population censuses of Argentina or the US. The 1895 census is the only Argentine census for
which such linking is possible, since the previous census was conducted before the passenger lists
started being systematically collected (and there are no surviving records of the next census). To
assemble the US sample, I linked Italian passengers arriving after 1882 to the 1900 census. The
baseline linked samples include about 13,000 individuals in Argentina and 17,000 in the US. I

provide details on the linking procedure and sensitivity checks in Online Appendix section A.2.

2 Understanding Destination Choices

Argentina and the US had each received nearly one million Italians by 1900. Why did some
Italians choose to go to Argentina whereas others choose the US? Although the passenger-list data
do not enable me to directly measure migrants’ motives, they enable me to observe who went to
each destination. This, in turn, can shed light on the likely reasons why migrants selected one
destination or the other.”

Although by 1900 Argentina was among the top five countries based on per-capita income
(Taylor, 2018), unskilled wages were 25% lower than in the US (Williamson, 1995). Hence, a first
hypothesis is that Italians deciding between Argentina and the US might have faced a trade-off
between higher short-term wages and better prospects for long-term upward mobility. As a result,
Argentina would have attracted immigrants that placed a higher value on long-term integration.

An implication of this hypothesis is that Argentina should have received a greater proportion
of families aiming to establish themselves permanently in the country (as opposed to migrants
traveling on their own). To test whether this was the case, I investigate whether Argentina had
received more women and children (a usual proxy for the prevalence of family migration) by 1900.
The first two columns in Panel (a) of Table 1 show the correlation between these characteristics and
the likelihood of moving to Argentina. Italians moving to Argentina were slightly more likely to be
female and below the age of 16 (Column 1). This pattern, however, reverses once I compare Italians
who departed from the same port (Column 2). Overall, there is little evidence of a meaningfully

higher prevalence of family migration in the flow to Argentina; such prevalence is similar to that in

"Unfortunately, direct information on migrants’ motives for selecting destinations is lacking. As discussed in Baily
(2004), ‘we have such evidence for almost none of the migrants who went to Buenos Aires and New York at the turn
of the past century.’



the US in the raw data, and is in fact smaller after accounting for differences in migrants’ broad
regional origins.

A second hypothesis is that Italians sorted on the basis of relative returns to skill (Grogger and
Hanson, 2011). If returns to skill were higher in Argentina than in the US, then Argentina would
have attracted more skilled Italians (which in turn would explain Italians’ better outcomes there).
The main implication of this hypothesis is that Italians who moved to Argentina should have been
more skilled than those who went to the US.

Panel (b) of Table 1 focuses on the pre-migration occupations of males aged 18 to 60 upon
arrival. Italians who went to Argentina were overrepresented among white-collar workers (although
the proportion of white-collar workers was fairly small in both flows, at around 3%; see Table Bl
in the Online Appendix), and underrepresented in the skilled/semi-skilled category. The most
salient difference is that Italians who migrated to Argentina were more likely to report farming
and less likely to report unskilled jobs compared to their counterparts in the US (Columns 3 and
4). However, the distinction between farm and general labourers is unlikely to have been very
informative in this context: As late as 1911, 60% of the Italian workforce was still in agriculture.®
Overall, occupations are limited in their ability to predict destination choices: Simultaneously
adding indicators for all occupational categories explains only 5% of the variation in destination
choices (Column 6 of Panel (b)).

I next compare the literacy of Italians moving to Argentina or the US. I measure literacy in
the census cross-sections because the US passenger lists are missing information on this variable
for 60% of the observations.” The data show a small difference between Italians in Argentina and
the US with respect to literacy: 64% of the Italians aged 18 to 60 in 1895 Argentina were literate,
compared to 59% in 1900 US (Somoza, 1967; Ruggles et al., 1997). This difference is much smaller
than that between southern and northern Italians who remained in Italy: By 1901, only 30% of

southerners were literate, compared to 65% of northerners (Klein, 1983).

8 Klein (1983, p. 313) writes that ‘the entire distinction between non-farm unskilled laborers and farm workers
may have been rather artificial.” Coletti (1912) declared that ‘laborers, day laborers, and the like come in large
part from the rural classes and for that reason should be added to the category of agricultural laborers in order to
account fully for the rural contingent in the emigrant stream.” When pooling unskilled and farm workers into a single
category, there is little correlation between membership in this category and the likelihood of moving to Argentina
(see Column 5 in Table 1 and Table B1 in the Online Appendix).

9A concern with this approach is that the census might exaggerate initial differences if Italians were more likely
to accumulate skills in one of the countries.



A third hypothesis emphasises the early settlement patterns of “pioneer” migrants as the main
driver of destination choices.!” According to this hypothesis, most individuals would have been
unable to migrate to a given destination unless they were part of a migration chain linking them

t.! Hence, the early decisions of pioneer immigrants generated path dependence in destination

toi
choices, whereby immigrants with similar regional origins tended to migrate to similar destina-
tions.'? An implication of this hypothesis is that we should observe clustering of immigrants across
destinations depending on the areas of Italy they hailed from.

Consistent with this hypothesis, Column 3 in Panel (a) shows a strong positive correlation
between departing from a northern Italian port and the likelihood of moving to Argentina: 40%
of the variation in destination choices can be accounted for on the basis of this single variable. A
challenge, however, in establishing whether this pattern was driven by immigrant networks is that
the passenger lists lack direct information on the strength of the “connections” that migrants might
have had at each potential destination. To deal with this limitation, I constructed a surname-based

proxy for the size of migrants’ networks. Specifically, for immigrant ¢ with surname s arriving in

year t, I compute the “Argentina Surname Index” (AST) as:

#Italians with surname sin Argentina

AST.., — #Italiansin Argentina (1)
st HTtalians with surname sin Argentina  #1talians with surname sinUS
#1taliansin Argentina #ItaliansinUS

where the number of Italians in each receiving country is based on arrivals up to year ¢ — 1. This
measure takes a value of one if the immigrant has a surname that, up to year t — 1, can be found

only among arrivals to Argentina, and a value of zero if it can be found only among US arrivals.'?

A number of scholars highlight the importance of this mechanism. See, for instance, Gould (1980), Moretti
(1999), and Spitzer and Zimran (2019).

"' This was because, as discussed in Moretti (1999), ‘many of [them] were illiterate and had relatively little knowledge
of the world beyond the village.’

12This argument is summarised in Gould (1980): ‘An interesting implication is that a strong locational pattern in
the settlements of migrants from a particular part of Europe may reflect nothing more than the momentum arising
from an original choice which was itself determined by some quite minor, adventitious circumstances, or indeed quite
random.” Hence, ‘purely incidental connections were then reinforced by the process of feedback to build enduring
locational patterns.’

13 This measure is based on Fryer Jr and Levitt (2004). Because AST;s: is undefined for immigrants whose surnames
appear for the first time at time ¢, I assign a value of 0.5 to those surnames. The stock of Italian surnames in 1882
Argentina is based on the 1869 Argentine census. The US stock is based on the surnames of immigrants arriving
from 1855 to 1881 in the passenger lists.



Figure 1 shows the empirical distribution of AST among immigrants whose surnames had ap-
peared at least once in the data by their arrival year. The figure shows a bimodal distribution with
peaks at zero and one: The modal immigrant was “connected” to only one of the two destinations.
Moreover, migrants tended to move to the destination in which they had the largest network: Go-
ing from a distinctively “American” to a distinctively “Argentine” surname is associated with a
63-percentage points increase in the probability of moving to Argentina (Column 4 of Table 1).
This index predicts destination choices as well when considering migrants who departed from the
same port, suggesting that it does not simply capture differences in the propensity to migrate to
Argentina across broad regions of Italy (Column 5).'

If migrants’ choice between moving to Argentina or the US was driven primarily by the presence
of networks, we should also observe that such networks predict immigrants’ final locations within
receiving countries.'> To test this prediction, I use the fact that the US passenger lists include
information on migrants’ intended destination within the country, usually at the city level.'® I then
use this information to estimate a model of migrants’ intended destinations within the US, including
a surname-based measure of networks (analogous to the one discussed above) as an independent
variable.

Assume that migrant ¢ arriving in year ¢ obtains the following utility from choosing destination

Uita = ot + ag + BNetworkirq + vaX; + €itd (2)

where oy are arrival-year fixed effects, oy are destination fixed effects, and X; are individual-
level characteristics. The variable of interest is Network;:y, which captures the fraction of arrivals

with the same surname as immigrant ¢ (and who arrived prior to year t) who intended to move to

1 A5 discussed in Baily (2004) and Devoto (2006), Genoese shipping companies were important in directing early
northern Italian migration to Argentina. Devoto (2006) describes how early Italian migration to Argentina occurred
in waves, starting with Genoese seaman, who were then followed by artisans (particularly those associated with the
maritime industry), to finally include farmers and unskilled laborers from the interior regions.

!5 The historical literature strongly suggests this possibility. For instance, MacDonald and MacDonald (1964)
describes how ‘In Middletown (Connecticut), the greater part of the large Italian population came from the Sicilian
town of Melilli in Syracuse province, and concentrated in one neighborhood.” Baily (2004) highlights the presence of
‘village-based clusters’ in Buenos Aires.

8Unfortunately, the Argentine data lack such information. One alternative would be to use the linked data, but
the drawback of such approach is that I would be able to observe destinations only among those immigrants whom I
can match to an observation in the census.



destination d. If we assume that ¢;;4 follows an Extreme Value Type I distribution, then this model
corresponds to the standard conditional logit due to McFadden (1974).

Table B2 in the Online Appendix shows that Network;y predicts destination choices within
the US as well. Indeed —and like the results above— the magnitude of this association is similar
after including individual-level characteristics such as gender, age and pre-migration occupation.
Overall, the evidence in this section suggests that Italians’ destination choices were largely driven

by the strength of the networks connecting them to each destination.

3 The Economic Outcomes of Italians in Argentina and the US

By most historical accounts, Italians had a more successful integration in Argentina than in the
US (Baily, 2004; Klein, 1983). How much of this advantage can be explained by differences in the
pre-migration characteristics of the Italians who went to each country? To answer this question, I

estimate:

Yie = O+ BATgentinaic + ’YXZ'C + €ice (3)

where y;. is an outcome of immigrant ¢ in country ¢, and X, are pre-migration characteristics. The
coefficient of interest is (3, which measures the advantage/disadvantage of Italians in Argentina
relative to those in the US. Throughout this section, I restrict the sample to Italian males aged
18 to 60 and focus on two outcomes that can be consistently measured in the Argentine and US
censuses: the likelihood of homeownership and the likelihood of holding an unskilled occupation.'”

The key empirical challenge in this context is to measure the consequences of migrants’ destina-
tion choices as accurately as possible in the presence of selection. Specifically, the concern is that €;.
may be correlated with destination choices, leading to biased estimates of 5. For instance, as dis-

cussed above, Italians sorted across destinations on the basis of their regional origins (which could

be correlated with outcomes at the destination if migrants from certain regions were on average

'"T coded occupations using the Historical International Standard Classification of Occupations (HISCO), which
I then mapped into occupational categories using HISCLASS (Leeuwen et al., 2002). Unskilled jobs are those in
HISCLASS categories 10 to 12. The 1895 Argentine census asked “Do you own real estate property?” The 1900 US
census asked “Is the person’s home owned or rented?” Unfortunately, unlike the 1900 US census, the 1895 Argentine
census did not include a question on naturalisation. Thus, I am not able to investigate differences in the extent of
political integration. Luconi (2015) argues that Italians had an easier political adjustment and earlier involvement
with politics in Argentina than in the US.



more skilled).

The richness of my data enables me to address this selection to a much larger extent than in
existing comparative studies of immigrant assimilation. First, to account for differences in regional
origins, I estimate models that include port-of-origin fixed effects. Alternatively, I include surname
fixed effects, which in the Italian context enables me to absorb a finer level of geography (Spitzer
and Zimran, 2018). Second, I can directly absorb migrants’ occupations prior to moving. Finally,
when focusing on the likelihood of holding an unskilled occupation, I can estimate equation 3 in
first differences, enabling me to absorb unobservable fixed effects at the individual level.

Table 2 shows the results of estimating equation 3. Panel (a) focuses on the likelihood of
homeownership, whereas Panel (b) focuses on the likelihood of holding an unskilled job. In the first
column of each panel, X, includes only age fixed effects: Italians in Argentina were 5.7 percentage
points more likely to own their home and 25 percentage points less likely to hold an unskilled job
than similarly aged Italians in the US.

In the second column, I add years-since-arrival indicators. Adding these indicators reduces the
advantage of Italians in Argentina with respect to both outcomes (reflecting a longer average stay
in Argentina). Figure 2 shows the relationship between time spent in each of the countries and
outcomes at the destination. In both countries, a longer stay was associated with a higher likelihood
of homeownership and a lower likelihood of holding an unskilled job. However, the figure suggests
little convergence between Italians in Argentina and those in the US: Home-ownership rates start
from similarly low levels in both countries but grow at a higher rate in Argentina, whereas the
likelihood of holding an unskilled job starts from a higher level in the US and remains similarly
higher.

In the third column, I test if the different mix between northern and southern Italians in
Argentina and the US could explain the differences in outcomes. To do so, I expand X;. to include
port-of-origin fixed effects. Adding this variable leads to a 10% decline in the Argentina coefficient
when focusing on the likelihood of holding an unskilled job, but to a larger (30%) decline when
focusing on homeownership.

In the fourth column, I consider the possibility that Italians in Argentina had better outcomes
because of higher pre-migration skills. Specifically, I include indicators for the occupational category

declared upon arrival and for literacy (as reported in the census). Adding these variables increases



the predictive power of the regressions (as reflected by the higher R-squared) but has little impact
on the estimated coefficients. This pattern is not surprising, given the relative balancing in these
characteristics documented in Section 2.

Column 5 shows that the results are similar when I include surname fixed effects, thus comparing

I8 There are two

immigrants with the same surname but who moved to different destinations.
reasons why surnames provide useful information in this context. First, as discussed above, Italian
surnames are informative of regional origins. Second, surnames are informative of family linkages
among individuals with rare surnames (Gtiell et al., 2014).

I further exploit these features of surnames in Figure B1, where I re-estimate equation 3 while
progressively excluding individuals with common surnames from the sample. The idea behind this
exercise is that, by restricting the sample to those with rare surnames, I am increasingly likely to
narrow the comparison to related individuals (as, for instance, in Abramitzky et al. (2012) and
Collins and Wanamaker (2014)). If anything, the gaps between Italians in Argentina and the US
become wider in these restricted samples.

In Column 6, I instead implement a coarsened exact matching approach (Iacus et al., 2012)."
To implement this approach, I first use pre-migration characteristics to select a “control” individual
(among Italian migrants to the US) for each Italian migrant to Argentina. In the second step, I
estimate equation 3 using the matched treatment-control sample. Using this approach, I continue
to find an advantage for Italian migrants in Argentina with respect to both homeownership and
the likelihood of holding an unskilled occupation.

Finally, because the passenger lists include information on occupations, when focusing on the
likelihood of holding an unskilled job I can estimate equation 3 in first differences. Using this
approach, which enables me to net out individual-level time invariant characteristics, I continue to
find a lower likelihood of working in unskilled jobs among Italians in Argentina (Table B3 in the
Online Appendix).

Although these results enable me to account for selection into destinations to a much greater

18Because of transcription errors in the census and passenger lists, I use a phonetically equivalent version of
surnames based on NYSIIS (Taft, 1970). I preserve the last letter of the original surname because they are a strong
predictor of regional origins among Italian surnames.

19Coarsened exact matching is a non-parametric procedure that is used to generate treatment and control groups
that are balanced on the basis of baseline covariates. I provide a detailed description of this approach in Online
Appendix section ?7.



degree than with cross-sectional data, I cannot fully rule out the possibility that the differences
between Italians in Argentina and those in the US were driven by differences in unobservable
characteristics of those who moved to each country. To assess the scope for such unobservables to
explain the results, I implement the approaches proposed in Altonji et al. (2005) and Oster (2017).
Specifically, I estimate models that include years-since-migration and port of origin fixed effects, and
assess the sensitivity of the results to adding controls for immigrants’ skills. Table B4 in the Online
Appendix shows the degree of selection on unobservables —relative to selection on observables—
necessary to overturn the results: The amount of selection on unobservables would have needed
to be at least 4.5 times greater than the selection on observables to rationalise the difference in
homeownership, and at least 21 times greater to rationalise the difference in the likelihood of holding
an unskilled job. Overall, I conclude that it is unlikely that the large differences I observe could be

plausibly explained by selection alone.

4 What Explains the Differences in Outcomes?

The previous section suggests a likely limited role for selection in explaining the differences in
outcomes of Italians in Argentina and the US. Which factors can account for these differences?

A first potential explanation is that the observed gaps reflected broader differences between the
Argentine and US economies rather than Italian-specific differences. For instance, Klein (1983)
argues that the preponderance of small artisan shops in Argentine manufacturing offered more
opportunities for skilled blue-collar jobs than the more industrialised US economy. Similarly, access
to housing might have differed between Argentina and the US for reasons such as the relative cost
of housing, access to mortgages, etc.

To test this hypothesis, I focus on relative differences between Italian immigrants and the native-
born populations of Argentina and the US (rather than on absolute differences as in the previous

section). To do so, I expand the sample to include the native-born and estimate:

Yie = ag + Brltalian;. + BoArgentina + Bsltalian;. X Argentina;. + vXie + €ie (4)

The coeflicient of interest is 33, which measures the difference between the outcomes of Italians in



Argentina and the US relative to natives in each host country.

Table 3 shows that this mechanism cannot explain the results. The top row in this table focuses
on absolute differences between Italians in Argentina and the US (i.e., § in equation 3), whereas
the bottom row focuses on relative differences (i.e., f3 in equation 4). The gap in homeownership
is actually five times wider when considered relative to the native-born population (bottom versus
top rows in Column 1), whereas the gap in the likelihood of holding an unskilled occupation is only
slightly narrower (bottom versus top rows in Column 6).

Next, I consider three potential explanations: (1) differences in relative human capital between
Italians and the native-born population, (2) the role of language, and (3) the role of location choices
within the host countries.

Although Ttalians in Argentina and the US had similar levels of human capital upon arrival (as
captured by their occupations and literacy), Italians in Argentina had higher levels of human capital
relative to the native-born population: 89% of native-born males aged 18 to 60 were literate in 1900
US, compared to only 54% in 1895 Argentina. To quantify the role of differences in relative human
capital, I investigate how the relative gaps in outcomes (i.e., f3 in equation 4) change as I include
literacy as a control variable. Although adding such variable makes little difference when explaining
absolute differences between Italians in Argentina and the US (top row, Columns 1 versus 2 and
Columns 6 versus 7), it does play an important role when focusing on relative differences: The
gap in homeownership decreases by 33% (from 28 to 19 percentage points), whereas the gap in the
likelihood of holding an unskilled occupation narrows by 45% (from 23 to 13 percentage points).

The next hypothesis is that the closer linguistic distance between Italian and Spanish enabled
Italians in Argentina to sort into a broader range of occupations than in the US. A challenge in test-
ing this hypothesis is that, although the US census includes information on English proficiency, the
Argentine census does not include a comparable question. To address this limitation, I perform an
exercise that enables me to place an upper bound on the likely importance of this channel. Namely,
I assume that all Italians in Argentina were proficient in Spanish. Combining this assumption with
direct information on English proficiency from the US census, I estimate equations 3 and 4 adding
an indicator that takes a value of one if the person spoke the host-country language. Columns 3
and 8 in Table 3 suggest the likely importance of this channel: the absolute gap in homeownership

is 40% narrower than in the baseline (from 5.7 to 3.3 percentage points), whereas the absolute gap



in the likelihood of holding an unskilled occupation decreases by 30% (from 25 to 19 percentage
points).

I next consider the role of location choices within the host countries. Italians in the US tended
to settle in the “older” regions of the country and predominantly in cities: By 1900, 72% of them
lived in the Northeast and 75% lived in urban areas. Klein (1983) argues that the concentration of
Italians in Northeastern cities hampered their prospects for long-term mobility, as upward mobility
tended to be higher in “younger” and smaller places.

To test this hypothesis, I estimate equations 3 and 4 adding a variable that takes a value of one
if the individual lived in an urban area of Argentina or the US. Columns 4 and 9 of Table 3 show
that said variable plays no role in explaining either the absolute or relative gaps between Italians
in Argentina and the US. Overall, this finding suggests that the choice of destination country had
a stronger influence on outcomes than migrants’ location choices within receiving countries.”’

Finally, I consider the combined role of the four explanations considered so far—namely: selec-
tion, differences in relative human capital, language, and location choices. To do so, in Columns 5
and 10 I simultaneously include controls for: (1) pre-migration characteristics, (2) language ability,
and (3) urban status.?! Taken together, these factors account for 40-65% of the gap in homeown-

ership, and for 30-50% of the gap in the likelihood of holding an unskilled occupation.

4.1 Possible Reasons for Remaining Gaps

Differences in regional origins, a higher human capital relative to the native-born, and the linguistic
proximity of Italian and Spanish explain a substantial portion of the relative advantage of Italians
in Argentina. A potential explanation for the remaining gaps is that Italians might have suffered
more nativist prejudice in the US than in Argentina. Although my data do not enable me to
conclusively prove this hypothesis, it is mostly consistent with the qualitative evidence. First,
Italians were culturally closer to the native-born in Argentina than in the US: Argentina and Italy
are both predominantly Catholic countries that speak a Romance language and share a common

Latin culture. Moreover, the elites who governed Argentina during this period had a very positive

29Relatedly, the lower likelihood of working in unskilled occupations is not driven solely by a higher propensity to
work in farming. Indeed, Italians in Argentina were also more likely to work in white-collar and skilled blue-collar
jobs (see Table B5 in the Online Appendix).

2'When focusing on relative differences, I include indicator variables for the native-born to account for the fact
that variables such as port of origin and pre-migration occupation are not defined for this group.



view of European immigration, which they considered a source of “civilisation.” This positive
view manifested in a legal framework that was friendly towards European immigration, from the
enactment of the country’s constitution in 1853 (which explicitly welcomed Europeans) to the
maintenance of nearly open doors until the 1930s (Sanchez-Alonso, 2013).

In the US, in contrast, Italians and other “new immigrants” from Eastern and Southern Europe
were the target of anti-immigrant sentiments by the turn of the 20th century. Indeed, the quota acts
of 1921 and 1924 were written with the explicit goal of reducing the number of such migrants, among
which Italians were the largest group (Goldin, 1994). Nativist prejudice against Italians was rooted
in long-standing anti-Catholic sentiments in the US (Fouka et al., 2018; Higham, 2002), which had
already contributed to a backlash against Irish immigration in the 1850s (Collins and Zimran, 2018).
Manifestations of this prejudice were likely consequential for the outcomes considered in this study.
For instance, Hillier (2003) discusses how, even before the formal emergence of redlining in the 1930s,
private lenders in the US avoided neighbourhoods with large concentrations of African Americans

and “new immigrants.” This practice may have negatively impacted Italian homeownership rates.

5 Conclusions

Seven million Italians moved to Argentina and the US during the Age of Mass Migration. Prior
work shows that Italians had faster assimilation in Argentina than in the US, but is inconclusive
on whether this was due to differences in selection or in host-country conditions. Using data
linking Italian immigrants from passenger lists to population censuses, I showed that differences
in the selection of migrants moving to each destination are unlikely to explain the differences in
outcomes.

These results highlight the importance of the match between migrants’ characteristics and those
of the destination country. An implication of this finding is that receiving countries might benefit
from an increased focus on potential fit (rather than on general human-capital characteristics) when
screening immigrants. Finally, despite being a very large group (nearly 12% of the total population
by the 1920s), Italians were able to successfully integrate into the economy of Argentina. This
success suggests that the size of an immigrant group may not be per se an important driver of

assimilation.
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Figure 1: Empirical Distribution of Argentine Surname Index, 1882-1900 Arrivals
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Notes: This figure shows the empirical distribution of the Argentine Surname Index (ASI) among arrivals to Argentina
and the US from 1882 to 1900. A value of one indicates a surname that was only held by Italians who had previously
moved to Argentina, whereas a value of zero indicates a surname that was only held by Italians who had previously
moved to the US. The sample is restricted to migrants whose surnames had shown up at least once by their arrival
year.

Source: Passenger lists data as described in the main text.



Figure 2: Main Economic Outcomes, by Years Since Migration
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Notes: This figure shows a binned scatterplot of the main economic outcomes (y-axis) on years since migration (x-
axis), net of age fixed effects, by country of destination.
Source: Data are from the samples linking passenger lists to the census as described in the main text.



Table 1: Correlates of Likelihood of Moving to Argentina

(a) Full Sample

(1) (2) (3) (4) (5) (6)

Female 0.0332***  -0.00197*** -0.00250***

(0.000974)  (0.000674) (0.000653)
Age less than 16  0.00745***  -0.0123*** -0.0106™**

(0.00107)  (0.000737) (0.000713)
Northern port 0.633***

(0.000668)
ASI 0.632***  0.315*** 0.315***
(0.00139) (0.00105)  (0.00105)

Port of Origin No Yes No No Yes Yes
Observations 1335334 1335334 1335334 1335334 1335334 1335334
R? 0.000975 0.524 0.403 0.134 0.554 0.554

(b) Working-age Males

(1) (2) (3) (4) (5) (6)
White-collar 0.0552*** 0.131%**
(0.00322) (0.00318)
Farmer 0.233*** 0.240***
(0.00119) (0.00124)
Skilled /Semi-skilled -0.0783*** 0.00935***
(0.00164) (0.00167)
Unskilled -0.166™**
(0.00110)
Unskilled /Farmer 0.0539***
(0.00151)
Observations 752385 752385 752385 752385 752385 752385
R? 0.000390 0.0483 0.00302 0.0293 0.00170 0.0505

Notes: * % *p < 0.01, * *p < 0.05, *p < 0.1. The dependent variable is an indicator that takes a value of one if
the observation belongs to the Argentine passenger lists data. The sample in panel (a) includes all Italian arrivals
to Argentina or the US from 1882 to 1900. The sample in panel (b) is limited to males aged 18 to 60 upon arrival.
Northern port is an indicator that takes a value of one if the migrant departed from the ports of Genoa or Trieste.
The Argentine Surname Index (ASI) measures the relative frequency of an individual’s surname in the Argentine
and US data based on the surnames of previous Italian arrivals to Argentina and the US.

Source: Passenger lists data as described in the main text.



Table 2: The Economic Outcomes of Italians in Argentina and the US

(a) Homeownership

(1) (2) (3) (4) (5) (6)
Italian in Argentina 0.0575***  0.0486™**  0.0347*** 0.0315*** 0.0337*** 0.0278***
(0.00457)  (0.00525) (0.00750) (0.00752)  (0.0106)  (0.00696)
Years since arrival No Yes Yes Yes Yes No
Port of origin No No Yes Yes Yes No
Literacy No No No Yes Yes No
Occupation No No No Yes Yes No
Surname No No No No Yes No
Coarsened Exact Matching No No No No No Yes
Observations 30620 30620 30620 30620 30620 11273
Mean of dep. var. 0.143 0.143 0.143 0.143 0.143 0.143
R? 0.0220 0.0279 0.0337 0.0400 0.439 0.00141

(b) Unskilled occupation

(1) (2) (3) (4) (5) (6)
Italian in Argentina -0.252*%  -0.237"*  -0.222"**  -0.216™** -0.214*** -0.168***
(0.00563) (0.00647) (0.00922) (0.00903) (0.0127) (0.00854)
Years since arrival No Yes Yes Yes Yes No
Port of origin No No Yes Yes Yes No
Literacy No No No Yes Yes No
Occupation No No No Yes Yes No
Surname No No No No Yes No
Coarsened Exact Matching No No No No No Yes
Observations 30620 30620 30620 30620 30620 11273
Mean of dep. var. 0.476 0.476 0.476 0.476 0.476 0.476
R? 0.0768 0.0819 0.0922 0.140 0.494 0.0333

Notes: ***p < 0.01, xxp < 0.05, *p < 0.1. This table compares Italians in Argentina and the US with respect to the
likelihood of owning their home (panel (a)) and the likelihood of being employed in an unskilled occupation (panel
(b)). The mean of the dependent variable is computed among Italians in the United States. Column 1 just includes
age fixed effects. Columns 2 to 5 include additional fixed effects as indicated by the table. Column 6 implements
a coarsened matching approach as described in the main text. The data in column 6 are weighted using coarsened
exact matching weights.

Sources: Data are from the samples linking passenger lists to the census as described in the main text.



Table 3: What Fxplains the Differences in Qutcomes?

Home ownership

Unskilled Occupation

(1) (2) (3) (4) () (6) (7) (8) (9) (10)
Absolute Differences (N=30620)  0.057***  0.052***  0.033***  0.057*** 0.020* —0.252"**  —0.234*** —0.186™* —0.253"** —0.180***
(0.00457)  (0.00457) (0.00505) (0.00456) (0.01081) (0.00563) (0.00551) (0.00617) (0.00562) (0.01301)
Relative Differences (N=868856)  0.277***  0.193**  0.250***  0.292***  0.161**  —0.230"** —0.132** —0.165"** —0.221*** —0.109***
(0.00691) (0.00693) (0.00752) (0.00677) (0.01446) (0.00610) (0.00609) (0.00664) (0.00605) (0.01289)
Literacy No Yes No No Yes No Yes No No Yes
Language No No Yes No Yes No No Yes No Yes
Urban/Rural No No No Yes Yes No No No Yes Yes
Selection No No No No Yes No No No No Yes

Notes: #* % *p < 0.01, % * p < 0.05, *p < 0.1. This table compares Italians in Argentina and the US with respect to the likelihood of owning their home (columns
1 to 5) and the likelihood of being employed in an unskilled occupation (columns 6 to 10). In the top row (“Absolute Differences”), the sample is restricted to
Italian males aged 18 to 60. In the bottom row (“Relative Differences”), the sample also include similarly-aged native born individuals in both Argentina and
the US. Columns 1 and 6 include only age fixed effects. In columns 2 and 7, I add an indicator variable that takes a value of one if the individual is literate. In
columns 3 and 8, I add an indicator variable that takes a value of one if the individual is proficient in the language of the host country (as described in the main
text). In columns 4 and 9, I add an indicator that takes a value of one if the person resided in an urban area of Argentina or the US. In columns 5 and 10, I
simultaneously include all the controls in columns 1 to 4 plus those in column 5 of Table 2 (which account for differences in pre-migration characteristics between
Italians in Argentina and those in the US). In these columns, I include indicator variables for the native born to account for the fact that variables such as origin
port and pre-migration occupation are not defined for this group.
Sources: Data on Italian migrants are from the samples linking passenger lists to the census as described in the main text. Data on natives are from the census
cross sections of 1895 Argentina and 1900 US.
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A Data Appendix

A.1 Coverage of passenger lists data

Figure A1l compares the number of yearly arrivals as computed with the passenger lists data and
according to Ferenczi (1929). In the US data, the number of Italian arrivals in the passenger lists
closely tracks the figures in the official statistics. In the 1882-1900 period, there were 940,000 Italian
arrivals according to Ferenczi (1929), and there are 820,000 records in the passenger lists data in
this period.

The Argentine passenger lists data are less complete than the US data. There were 900,000
Italian arrivals to Argentina from 1882 to 1900 according to Ferenczi (1929), but there are 530,000
records in the passenger lists data. There are a number of reasons for this incomplete coverage.
First, only migrants arriving through the port of Buenos Aires are included in the data (about 75%
of arrivals according to de Inmigracién (1925)). Second, the digitisation effort prioritised those lists
that were in the worst state of preservation. Third, some of the original lists were impossible to
digitise due to their state of preservation. For instance, there are no data corresponding to the years
1891 and 1894 (a total of 87,000 records). Similarly, when collapsing the data at the year-month
of entry, there are no observations for about 30% of the months.

One concern is the extent to which the digitised data for Argentina are representative of Italian
arrivals in this period. Figure A2 compares the fraction of males among Italians in the passenger
lists and the fraction of males among all immigrants (including non-Italians) according to Ferenczi
(1929). The fraction in the passenger lists data tracks closely that in the official statistics. Similarly,
Figure A3 shows that the age structure by arrival decade (1881-1890 and 1891-1900) of Italians in
the passenger lists data and the age structure of all migrants according to Ferenczi (1929) are also
close to each other. Finally, note that the cross-sectional results (which do not use the passenger

lists data) yield similar results as those using the linked data.



Figure A1l: Coverage of passenger lists data, Argentina and the US
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Notes: This figure shows the annual number of Italian arrivals according to the passenger lists data and the overall
gender ratio (including non-Italians) according to official immigration statistics for Argentina and the US based on
the data in Ferenczi (1929).

Figure A2: Fraction of males among Italian arrivals to Argentina
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Notes: This figure shows the gender ratio of Italian arrivals according to the passenger lists data and according to
official immigration statistics for Argentina based on the data in Ferenczi (1929).



Figure A3: Age structure of Italians in Argentine data
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Notes: This figure shows the age structure of iltalian arrivals according to the passenger lists data and according to
official immigration statistics for Argentina based on the data in Ferenczi (1929).



A.2 Linking Algorithm and Data Digitisation

I used the information on names, country of birth and age to link males in the passenger lists to
the 1895 Argentine census and the 1900 US census.! The linking is based on country of birth, first
and last name, and reported age. A challenge in linking these data is that some Italians declared
their original name (in Italian) upon arrival but later adopted a Spanish/English version of it (see
Biavaschi et al. (2017) and Carneiro et al. (2017) for these names changes in the context of the
US). For instance, the Giuseppes were likely to become Josés in Argentina and Josephs in the US.
To deal with this challenge, I first used a dictionary of first names to translate Italian names into
their Spanish or English counterparts. Then, I used these translated names as an additional input
in the linking procedure, following a similar procedure in Alexander et al. (2018) and Pérez (2017).

To link individuals from the passenger lists to the censuses, I implemented the following pro-
cedure (described in detail in Abramitzky et al. (2019)). In the first step, I identified a group of
individuals in the passenger lists that I would attempt to match to the census. Then, I searched the
full count census for a set of potential matches for each individual. I identified potential matches
as individuals who: (1) reported Italy as their place of birth, (2) had a predicted age difference
of no more than five years in absolute value, and (3) had first and last names starting with the
same letter. Based on the similarity of their reported names and predicted years of birth, I cal-
culated a linking score ranging from 0 to 1 for each pair of potential matches, with higher scores
corresponding to pairs of records that were more similar to each other.?

To be considered a unique match for an individual in the passenger lists, a record in the census
had to satisfy three conditions: (1) be the record with the highest linking score p; among all the
potential matches for that individual, (2) have a linking score above a threshold (p; > p, with
p € (0,1)), and (3) have a linking score sufficiently higher than the second highest linking score
(p2 <, with [ € [0,p)). In the baseline analysis, I only kept observations with a linking score of at
least 0.7 and a second highest linking score of at most 0.5.

Both the US passenger lists and the US 1900 census are fully digitised, including the information

!The 1895 census is the only Argentine census for which such linking is possible. Argentine censuses in this period
took place in 1869, 1895 and 1914. The 1869 is too early in time since the passenger list data are only available
starting in 1882. Unfortunately, there are no surviving individual-level records of the 1914 census.

2To measure similarity in first and last names, I used the Jaro-Winkler string distance function (Winkler, 1990),
whereas to measure similarity in reported ages I used the absolute value of the predicted years of birth.



on occupations and other economic outcomes. The Argentine passenger lists are also fully digitised,
but only the indezes of the 1895 census are. Hence, after linking the data, I manually digitised the
economic information in the 1895 Argentine census (using the original manuscripts available in the

genealogy website familysearch.org).

A.3 Sensitivity of Results to Linking Algorithm

An important concern with using such data is that some of the links might be incorrect (Bailey
et al., 2017). To address this concern, I chose a conservative set of linking parameters. While this
choice implies that I am able to uniquely match a relatively small fraction of records (due to a
standard trade-off between type I and type II errors), it also implies that the quality of matches is
likely higher. Indeed, Abramitzky et al. (2018) show that this method achieves low rates of false
positives (below 5%), although at the expense of matching relatively few observations. Using my
baseline parameters, I uniquely link around 6% of the Argentine observations and 4% of the US
observations. Lower matching rates for the US are expected given slightly higher return migration
(37 versus 30% for these cohorts, as shown below), combined with the fact that Italian names in
the US were probably more likely to be severely misspelled than in Argentina (given the similarity
between Italian and Spanish).?

To further address this possibility, Figure A4 progressively excludes lower quality matches from
the Argentina and US samples. In the second to last row of the figure, I only include observations
with a linking score above the 75th percentile of the distribution of linking scores within the
Argentine and US samples. The figure shows a similar pattern regardless of the sample that is
used.

An additional concern is whether this linking procedure generates representative samples of the
populations of interest. Tables A1 and A2 compare immigrants in the passenger lists who were
uniquely linked to the census to those who were not (for Argentina and the US, respectively).
Column 1 in each table reports the average value of each of the included characteristics in the
passenger lists, whereas column 2 reports the corresponding average in the linked data. In column

3, I report the average difference between both groups of observations.

3When comparing two independent transcriptions of the 1940 US census, Abramitzky et al. (2018) show that
Italian surnames have very high rates of discrepancies: 32% of the surnames have at least a one character difference.



There are some statistically significant differences between Italians in the passenger lists and
those in the linked data, although the differences are, in all cases, fairly small. In both the Ar-
gentina and US samples, I am less likely to match individuals who report an unskilled occupation
upon arrival and more likely to match individuals with white-collar occupations. There is also a
correlation between age upon arrival (positive for Argentina, negative for the US) and the likeli-
hood of matching. It is also worth noting that immigrants in the linked sample might differ from
immigrants in the passenger lists data for reasons unrelated to the linking procedure (for instance,
selective mortality or return migration).

As an alternative approach to assess the representativeness of the samples, in Tables A3 and A4
I compare Italians in the cross sections of 1895 Argentina and 1900 US to those in the linked data.
One limitation of this comparison is that the 1895 Argentine census did not include a question
on year of arrival, which prevents me from restricting the sample to the relevant arrival cohorts
in the cross section (that is, those arriving from 1882 to 1895). The main advantage, however, is
that it enables me to compare Italians in the panel data to those in the cross section with respect
to the main two outcomes I investigate in the paper: home ownership rates and the likelihood of
holding an unskilled job. Both tables show small differences between the linked samples and the
cross section with respect to the main outcomes of interest of the paper. In the Argentine panel
data, Italians are 2.3 percentage points more likely to own their homes, compared to an average
of 20% in the cross section. In the US, Italians in the panel data are similarly likely to be home
owners than in the cross section. Italians in the Argentine panel are statistically indistinguishable
from Italians in the cross section with respect to the likelihood of holding an unskilled occupation,
whereas Italians in the US panel are 2 percentage points less likely to hold an unskilled job.

Overall, while the differences between the linked sample and the cross-sectional data are small,
both comparisons suggest some selection into the linked samples. I address this concern in two
main ways. First, note that the results using cross-sectional data (which do not rely upon linking)
are consistent with the results that use the linked data (see Table A5). Second, in the last row of
Figure A4 I reweight the data to account for selection into the linked sample based on observable

characteristics upon arrival.* The results are similar to those in the baseline sample, suggesting

1To estimate the weights, I estimate a model of the probability of being in the linked sample as a function
of observable characteristics upon arrival (year of arrival fixed effects, age fixed effects, literacy, and occupational
category fixed effects). I then use the inverse of that estimated probability as the weight.



that selection into the linked samples (at least with respect to observable characteristics) is not

driving the results.



Table A1l: Comparing the linked sample to the passenger lists, Argentine data

Cross-section Panel Difference
Variable (1) (2) (3)
Age 31.071 31.799  0.728***
(0.084)
Literate 0.725 0.715  -0.010%**
(0.004)
Occupation
White-collar 0.025 0.029  0.004***
(0.001)
Farmer 0.391 0.405  0.015%**
(0.004)
Skilled /semi-skilled 0.101 0.104 0.003
(0.003)
Unskilled 0.443 0.424  -0.019%**
(0.004)

Notes: * % xp < 0.01, * % p < 0.05, *p < 0.1. This table compares individuals in the passenger lists of Italian arrivals
to Argentina to individuals in the linked data. Columns 1 and 2 report the average value of each variable in each of
the datasets, whereas column 3 reports the difference between the cross section and the linked data.

Sources: Passenger lists data as described in the main text.



Table A2: Comparing the linked sample to the passenger lists, US data

Cross-section Panel Difference
Variable (1) (2) (3)
Age 31.263 29.945 -1.319%**
(0.068)
No literacy data 0.642 0.572  -0.070%***
(0.004)
Illiterate 0.193 0.195 0.002
(0.003)
Literate 0.165 0.233  0.068%**
(0.003)
Occupation
White-collar 0.028 0.031 0.003**
(0.001)
Farmer 0.212 0.218 0.006*
(0.003)
Skilled /semi-skilled 0.142 0.177  0.035%**
(0.003)
Unskilled 0.598 0.557  -0.041%**
(0.004)

Notes: * % xp < 0.01, * % p < 0.05, *p < 0.1. This table compares individuals in the passenger lists of Italian arrivals
to the US to individuals in the linked data. Columns 1 and 2 report the average value of each variable in each of the
datasets, whereas column 3 reports the difference between the cross section and the linked data.

Sources: Passenger lists data as described in the main text.



Table A3: Comparing the linked sample to the census, Argentine data

Cross-section Panel Difference
Variable (1) (2) (3)
Literacy 0.664 0.693  0.029***
(0.007)
Home ownership 0.195 0.218  0.023***
(0.006)
Occupation
White-collar 0.208 0.176  -0.032%***
(0.006)
Farmer 0.243 0.197  -0.046***
(0.006)
Skilled /semi-skilled 0.287 0.343  0.056***
(0.007)
Unskilled 0.209 0.210 0.001
(0.006)

Notes: #* % xp < 0.01, * * p < 0.05, *p < 0.1. This table compares individuals in the 1895 census cross section of
Argentina to individuals in the linked passenger lists to census data. Columns 1 and 2 report the average value of
each variable in each of the datasets, whereas column 3 reports the difference between the cross section and the linked
data.

Sources: Cross-sectional data are from Somoza (1967). Linked sample as described in the main text.

Table A4: Comparing the linked sample to the census, US data

Cross-section Panel Difference
Variable (1) (2) (3)
Literacy 0.593 0.625  0.032%**
(0.006)
Home ownership 0.144 0.145 0.002
(0.004)
Occupation
‘White-collar 0.114 0.117 0.003
(0.004)
Farmer 0.153 0.156 0.004
(0.004)
Skilled /semi-skilled 0.170 0.181  0.012**
(0.005)
Unskilled 0.564 0.545 -0.019%**
(0.006)

Notes: **%p < 0.01, x*xp < 0.05, xp < 0.1. This table compares individuals in the 1900 census cross section of the US
to individuals in the linked passenger lists to census data. Columns 1 and 2 report the average value of each variable
in each of the datasets, whereas column 3 reports the difference between the cross section and the linked data.
Sources: Cross-sectional data are from Ruggles et al. (1997). Linked sample as described in the main text.



Table A5: First-generation immigrants in Argentina and the US, cross-sectional data

Home ownership Unskilled occupation
(1) (2) (3) (4) (5) (6) (7) (8)

Italian in Argentina 0.0430***  0.259***  0.227***  0.262"*  -0.279"*  -0.274**  -0.176***  -0.249***

(0.00552)  (0.00841) (0.00902) (0.00808) (0.00714) (0.00740) (0.00877) (0.00722)
Including natives No Yes No Yes No Yes No Yes
Including other immigrants No No Yes Yes No No Yes Yes
Observations 19699 857935 244109 1082345 19699 857935 244109 1082345
Mean of dep. var. 0.144 0.144 0.144 0.144 0.490 0.490 0.490 0.490

Notes: * * xp < 0.01, % x p < 0.05, *p < 0.1. This table reports differences between Italians in Argentina and the US with respect to rates of home ownership and
the likelihood of holding an unskilled occupation. The mean of the dependent variable is computed among Italians in the United States. In columns 1 and 5, the
sample is restricted to first-generation Italian migrants. In columns 2 and 6, I also include native-born individuals in Argentina and the US. I columns 3 and 7, I
compare Italians to other immigrant groups in Argentina and the US. In columns 5 and 8, I compare Italians to the rest of the working-age population.

Sources: Argentine data are from Somoza (1967) and US data are from Ruggles et al. (1997).



Figure A4: Robustness to linking procedure
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Notes: This figure shows the robustness of the results to progressively increasing the quality of matches, and to
selection into the linked samples. In rows 2 to 4, I progressively exclude observations with a linking score in the
bottom 25, 50 and 75% within the Argentina and US samples. In the last row, I reweight the sample to account for
selection into the linked sample based on observable characteristics.

Sources: Data are from the samples linking passenger lists to the census as described in the main text.



B Additional Results

B.1 Coarsened Exact Matching

This subsection describes the coarsened exact matching approach (lacus et al., 2012) that is im-
plemented at the end of Section 3. The goal of this approach is to identify a “control” individual
(i.e. a migrant to the US) for each individual in the “treatment” group (i.e. for each migrant to
Argentina).

The matching is performed using the same individual-level characteristics that are used as con-
trol variables in column 4 of Table 2: age, years since arrival, origin port, pre-migration occupational
category and literacy. In the first step, I split individuals into mutually exclusive strata based on
the joint values of these variables.” Then, for each migrant to Argentina I select a migrant to the
US within their same stratum to serve as control individual; if there are no such individuals, the
observation is discarded from the sample. After having created the treatment and control groups,

I simply estimate (using the matched sample):

Yic = a + BArgentina;. + €;c (1)

Finally, since the number of treatment and control individuals within each strata is not neces-
sarily equal, the data are weighted according to the size of each strata. This procedure yields the

estimates reported in column 6 of Table 2.

SFor these purposes, I coarsen continuous variables (age and years since arrival) using Sturges’ rule (Iacus et al.,
2012). Sturges’ rule is the default coarsening rule in the cem command in Stata. For categorical variables (origin
port, pre-migration occupational category and literacy), I use a variable’s exact values. This procedure splits the
data into 5,291 mutually exclusive strata.



Figure B1: Surname fixed effects, excluding common surnames
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Notes: This figure shows the results of the specification using surname fixed effects after progressively excluding
individuals with common surnames from the sample. In the last row, I only include those with a surname in the
bottom 10% of frequency among those surnames that show up at least once in both the Argentine and US datasets.
The specification corresponds to the one with the largest set of controls in Table ?? (including surname fixed effects).
Source: Data are from the samples linking passenger lists to the census as described in the main text.

Table B1: Selection of Italian immigrants in Argentina and the US

Argentina  US Difference
Variable (1) (2) (3)
i. Demographic (N=1,335,705)
Age upon arrival 26.719 26.975  -0.256%**
Age less than 16 0.207 0.198  0.008***
Female 0.277 0.249  0.027***
it. Occupation (N= 752,385)
White-collar 0.035 0.028  0.007***
Farmer 0.429 0.221  0.208***
Skilled /Semi-skilled 0.110 0.148  -0.039***
Unskilled 0.426 0.603  -0.176***
Unskilled/Farmer 0.855 0.824  0.032%***

Notes: a : p < 0.01, b: p < 0.05, ¢: p < 0.1. This table compares Italian migrants who moved to Argentina and the
US with respect to observable characteristics upon arrival. In column 1, I report the average value of each of these
characteristics in the US data. Columns 2 to 4 report the coefficient of a regression of each of these variables on an
indicator that takes a value of one if the observation belongs to the Argentine data. Sample is restricted to 1882-1900
arrivals.

Source: Passenger lists data as described in the main text.



Table B2: Multinomial Logit Model of Destination Choices within the US

(1) (2) (3)

Network 0.494***  0.492***  0.487***
(0.0321) (0.0321) (0.0322)
Observations 540846 540846 540846
Port of origin FE No Yes Yes
Individual-level characteristics No No Yes

Notes: * *x xp < 0.01, **xp < 0.05, *p < 0.1. This table shows the result of estimating a conditional logit model of
migrants intended destinations within the US. The table focuses on the top 20 intended destinations in the 1882-1900
period, relative to the “other” category. The Network variable measures the relative frequency of an individual’s
surname across different intended destinations. The regressions with individual controls include indicators for age,
gender, and occupational category upon arrival. The sample is restricted to arrivals from 1882 to 1900.

Source: US passenger lists data as described in the main text.

Table B3: Likelihood of Holding an Unskilled Occupation, First Differences

(1) (2) (3) (4)
Italian in Argentina -0.116***  -0.130*** -0.303***  -0.235***
(0.00803) (0.0181) (0.00708) (0.0161)

Grouping Farmers/Unskilled upon Arrival No No Yes Yes
Years since arrival No Yes No Yes
Port of origin No Yes No Yes
Literacy No Yes No Yes
Surname No Yes No Yes
Observations 30620 30620 30620 30620
R? 0.0138 0.455 0.0729 0.479

Notes: * x xp < 0.01, * % p < 0.05, *p < 0.1. The dependent variable in this table is the difference between the
likelihood of holding an unskilled occupation in the host country minus the likelihood of holding it upon arrival. In
columns 3 and 4, individuals declaring farming or an unskilled occupation upon arrival are grouped into a single
“unskilled /farmer” category. The odd columns include just age fixed effects. The even columns include additional
fixed effects as indicated by the table.

Sources: Data are from the samples linking passenger lists to the census as described in the main text.



Table B4: The Economic Outcomes of Italians in Argentina and the US, Altonji et al. (2005) and
Oster (2017) bounds

Home ownership Unskilled occupation

(1) (2) (3) (4)
Italian in Argentina 0.0347*** 0.0315*** -0.222"*  -0.216"**
(0.00750) (0.00752) (0.00922) (0.00903)

Controls No Yes No Yes
Observations 30620 30620 30620 30620
_Pa__ 10.02 36.61
Anc—Bc

Delta 4.476 21.26

Notes: ** *p < 0.01, * * p < 0.05, *xp < 0.1. This table compares Italians in Argentina and the US with respect to
the likelihood of owning their home and the likelihood of being employed in an unskilled occupation. Columns 1 and
3 control for age fixed effects, years since migration and port of origin fixed effects. In columns 2 and 4, I control
for the occupational category declared upon arrival and for literacy. The last two rows show the degree of selection
on unobservables, relative to the selection on observables, necessary to overturn the results. The second to last row
shows the ratio between the estimated coefficients in the restricted and unrestricted models, following the approach
in Altonji et al. (2005). The last row follows the approach in Oster (2017), using a value of Ryaz equal to 1.3 times
the R? in the regression with the full set of controls.



Table B5: The Occupations of Italians in Argentina and the US

White Collar Farmer Skilled Blue Collar Unskilled

(1) (2) (3) (4) (5) (6) (7) (8)
Ttalian in Argentina 0.0623***  0.0506™* 0.0638** 0.0347**  0.187***  0.190** -0.252"** -0.214***
(0.00412)  (0.00937) (0.00446)  (0.0102)  (0.00508) (0.0115) (0.00563) (0.0127)

Years since arrival No Yes No Yes No Yes No Yes
Port of origin No Yes No Yes No Yes No Yes
Literacy No Yes No Yes No Yes No Yes
Occupation No Yes No Yes No Yes No Yes
Surname No Yes No Yes No Yes No Yes
Observations 30620 30620 30620 30620 30620 30620 30620 30620
Mean of dep. var. 0.101 0.101 0.137 0.137 0.158 0.158 0.476 0.476
R? 0.0188 0.454 0.00895 0.443 0.0543 0.482 0.0768 0.494

Notes: * % xp < 0.01, * % p < 0.05, *p < 0.1. This table compares the occupations of Italians in Argentina and the US. The mean of the dependent variable is
computed among Italians in the United States. The odd columns include just age fixed effects. The even columns include additional fixed effects as indicated by
the table.

Sources: Data are from the samples linking passenger lists to the census as described in the main text.
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